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Summary

This model is designed for hate speech detection

and incorporates geographic and language

contextualisation analysis as described in the

paper. Experiments show that adding country-

based personae or using non-English languages

can introduce prediction inconsistencies and bias.

To mitigate this, the model includes a debias-

tuning strategy that penalises inconsistent

outputs between contextualised and non-

contextualised inputs, resulting in more stable and

fair classifications across scenarios.

Key Features

Geographic persona probing: Systematically

tests LLMs’ responses when prompted with

country‑specific identity cues.

Cross‑lingual evaluation: Examines

performance differences when evaluating

hate speech in English vs. translated texts.

Debias tuning method: A custom fine‑tuning

loss that penalises classification inconsistency

between contextual and non‑contextual

inputs.

Empirical benchmark: Uses diverse LLMs in

controlled experimental settings to quantify

bias and mitigation effects.

What We Offer

Open‑source implementations of experiments

and debias tuning techniques.

Pretrained model variants supporting

geographic debiasing (with and without

language context) on HuggingFace.

Reproducible evaluation scripts and data

processing pipelines.

Collaboration Objectives
Researchers in bias, fairness, and multilingual

NLP to extend the debias-tuning framework;

Moderation practitioners to apply debiased

models in real workflows;

Experts in dataset augmentation and bias

measurement to expand geographic bias

research;

Cross-disciplinary collaborations on fairness in

automated content moderation.
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